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A 59-year-old overweight woman presents to the urgent care clinic with the 
complaint of severe abdominal pain for the past 2 hours. She also complains of 
a dull pain in her back with nausea and vomiting several times. Her pain has no 
relation with food. Her past medical history is significant for recurrent abdominal 
pain due to cholelithiasis. Her father died at the age of 60 with some form of 
abdominal cancer. Her temperature is 37°C (98.6°F), respirations are 15/min, 
pulse is 67/min, and blood pressure is 122/98 mm Hg. Physical exam is 
unremarkable. However, a CT scan of the abdomen shows a calcified mass 
near her gallbladder. Which of the following diagnoses should be excluded first 
in this patient?

A. Acute cholecystitis
B. Gallbladder cancer
C. Choledocholithiasis
D. Pancreatitis
E. Duodenal peptic ulcer
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https://www.researchgate.net/figure/A-MedQA-dataset-sample-validates-the-correctness-of-our-models-answer-

In-the-MedQA_fig5_394534615
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https://www.linkedin.com/pulse/quick-look-performance-googles-med-palm-2-medical-qa-jeroen-van-dalen/



7Agrawal, Chen, Gulamali, Joshi. “The evaluation illusion of large language models in medicine”. npj Digital Medicine 2025.



What makes healthcare different?
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High-stakes settings Errors cause patient harm→

Regulation Experimentation is 

constrained
→

Data fragmentation Ground truth is incomplete→

Evolving knowledge Benchmarks become 

outdated
→



What is a good healthcare evaluation?

1. Related to true clinical validity

2. Reflects heterogeneous effects and subgroup 
performances

3. Can models demonstrates impact on 
workflow?

4. Measures downstream clinical consequences

5. Updates over time

6. Alerts for new and rare problems
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What is a good healthcare evaluation?

1. Related to true clinical validity

2. Reflects heterogeneous effects and 
subgroup performances

3. Demonstrates impact on workflow

4. Measures downstream clinical 
consequences

5. Updates over time

6. Alerts for new and rare problems
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Can it perform 

the task?

What happens 

when people 

use it?

What happens 

after deployment?
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“I became ill with a fairly serious strain of 
viral something”

12(Patient medical history)



“I became ill with a fairly serious strain of 
viral something, but I didn't take any 
medication, I took Hyperactivated 
Antibiotics and sometimes I would think 
that was worse”

13(Whisper transcription)



“I became ill with a fairly serious strain of 
viral something, but I didn't take any 
medication, I took Hyperactivated 
Antibiotics and sometimes I would think 
that was worse”

14Koencke et al, 2024

~1% hallucination rate



7 million patient visits
30,000 clinicians

40 health systems

Associated Press, 2024
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How well are AI scribes doing?

• Mixed results in early studies
• Improves self-reported physician burnout (51.9% to 38.8% in 30 days)

• RCT showed no impact on documentation time, completed 
appointment rate, same-day closure rate, or revenue per visit.

• Net promoter score from 40 clinicians was 0 (from -100 to 100)

• Difficulties in evaluation
• Concerning degree of hallucinations

• Limited benchmark datasets and public evaluations

• Rapidly evolving landscape of model versions, hospital rollouts, 
patient engagement, and clinician preferences.
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Olsen et al, JAMA Network Open 2025.

Liu et al, NEJM AI 2025.

Duggan et al, JAMA Network Open 2025



17https://www.reddit.com/r/FamilyMedicine/comments/1jx1wdk/i_just_started_using_an_ai_scribe/



How can we evaluate AI 
scribes with clinician 
feedback?

Anwen Huang
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Jessica Dai



50,151 encounters
483 feedback texts

0.9% feedback rate
19

37,933 encounters

23,771 with recorded edits

62.7% edit rate

Clinician Feedback Clinician Edits
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Nuances

• Audio data is unavailable. 

• Differences in rollout and clinician incentives.

• What is the theory of change here?

• Vendor can make unannounced model changes.

• What about patient feedback?
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“The cost would be $2950 from 
his office for the office based 
testing if I had insurance or 
$1500 if I do not”

“Until I agreed to it they would not 
tell me what blood tests they 
wanted me to get”

23https://www.yelp.com/biz/vadim-kvitash-md-phd-san-francisco-2



Challenges: 

• Who is this person?

• What was the actual health 
encounter and the medical 
advice given?

• What was the long-term health 
impact?

24https://www.yelp.com/biz/vadim-kvitash-md-phd-san-francisco-2



25

https://vaers.hhs.gov/

https://www.nationalnursesunited.org/press/national-nurses-united-

survey-finds-ai-technology-undermines-patient-safety

https://www.tiktok.com/@kristinamullen_/video/7564873597085355
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48% of nurses said that these automated reports don't 

match their assessment.

Millions of publicly available vaccine adverse-event reports since 1990

36% of U.S. adults get health information 

from social media at least sometimes.
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How can we use similar methods to combine 
disparate sources of public feedback? 

iychen@berkeley.edu
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